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(= o« r A== (=] o« L= — O
o =M= XY sdlcte =42tY| B FAS Vs s E/EA =1
° E” Ol E-I ?‘_% §_I|-O|_| o = A0l 2 ~ H sy Doc Cl 0 ::;:: <-TESH A0 o3 E=HO
=3 B [=l® 2 B xe7 L. g
. 92 H=3| 9t f%[%[ﬁ @- B Bl el *E YN, REE X B-c5 @ B
T 2Tl 26 e B ki az | a- Dmawssmar ag- Reses Y0 Y was (G acigzmissszve . mEe g4
— - 2% OO 7HH 27| 727 o #E A3 HE H EH HoH =5 0=
. st eomiBm sl =
T D E F G H |
- O[O|H dE, B
1
2 -
3 -
4_
5 -
6_
7 -
8_
9_
10
)
12
13
14
15
am | - - - - 1 r. 1 - - r [P |

/ IO = E F 3 ° = -
; ) ¥ e b o
o) /i Korean Society of Gynecologic Oncology




2026 OieHQIF SR H|72] FAS=UR with

r
1)
]
>
)
ol
o
~N
a -
N

ol
ol

o

—

]

J

o

g2 AlAl

A
A

Al
ExcelO| Al 7}s5t GIO|E] A2| Q% 7|55

jif]

IO
0.
mr

£

~NO

K0

N

figure, table |2t

4

122 = QA A “2 AR ClO[E{AI(RE

o
-—




2026 OieHQIF SR H|72] FAS=UR with

/R 7|22] HjO]&] &4

@F:S'.J:;ic
File Edit Code Wiew Plots Session Build Debug Profile Tools Help
e - Qﬁl - 13 H e # Go to file/function ~ Addins ~ R Project: (None) ~
© ] Untitled1* | Environment History Connections Tutorial |
. 4| | [ )SourceonSave | Q T 2 Run | % Psource v = 2 ] | Import Dataset ~+ 3 132 MiB ~ r'4 List » | (O~
1 data <-read.csv("Z:/research/data_for_ML_fn_vl_co.csv", fileEncoding="CP949", check. g . ") Global Environment ~
2
3 age_over60 <- subset(data, 2 & & AlLI0|>=60) [_’ata
4 age_less60 <- subset(data, 2 ¥ = Al Lr0|<60) O age_less60 1439 obs. of 12 variables
> @ age_over60 156 obs. of 12 variables
6

@ data 1595 obs. of 12 variables

age_over60 age_less60 = - M

ULSEHDS gtz HSUALXL ‘g8 UALAILLO] Z7d% pBpP 252t _Drink Z7d% Height g% sep 252 _Smoke =
1 2021-01-10 M 38 88 nondrinker 178.1 144 nonsmoker .
2 2018-12-04 F 30 85 current drinker 163.6 119 nonsmoker
3 2020-12-03 F 47 79 nondrinker 160.5 121 nonsmoker
4 2020-04-02 M 36 75 current drinker 1774 114 nonsmoker
5 2007-01-12 M 24 70 T 178.0 110 nonsmoker
6 2019-11-12 F 50 78 ex-drinker 168.0 118 nonsmoker
7 2019-02-21 F 49 65 nondrinker 183.8 100 nonsmoker
8 2020-04-09 M 27 65 nondrinker 176.9 114  ex-smoker
9 2018-11-22 M 50 84 ex-drinker 166.0 135 nonsmoker

2017-08-23 68 90 nondrinker 149.9 156 nonsmoker

-
o
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File Edit Code View Plots Session Build Debug Profile Tools Help

Q - - H B = A Gotofile/function - Addins - B Project: (None) ~
0] untitled1* | |age_overs0 [ |data @ imputation.R @ 0AT2DMR = Ol Environment History Connections Tutorial — (=
i1 | | [|SourceonSave = O A7~ i #Run | *% Psource - = 2 k] | P importDataset ~ 3 138MiB - & Lst - | (&~
1 data <-read.csv("Z:/research/data_for_ML_fn_vl_co.csv", fileEncoding="CP949", check.ni g . b Global Environment ~
2
3 age_over60 <- subset(data, 2 & T AlLI0|I>=60) pata
4 age_less60 <- subset(data, & & = Al Lt0[<60) © age_Tless60 1439 obs. of 12 variables
5 © age_over60 156 obs. of 12 variables
? par (mfrow = c(1, 2)) O data 1595 obs. of 12 variables
8 hist(age_over605= & gt_DBP, main = "Age > 60", i
? xlab = "[.)BP"’ Files Plots Packages Help Viewer Presentation (|
10 col = "[lightblue") , —
11 A Zoom Zxport + @ | ¥ ‘S publish ~ | (&
12 hist(age_less605= & 3t _DBP,
13 main = "Age < 60",
14 xlab = "DBP", Age 2 60 Age <60
15 col = '[Tightgreen")
16 o
Lr) ] —_— _—
o
g —
o | |
<
S _
= - > ™
e & - 2
a4 » q) q’ [
161 (Top Level) = RScript 2 & = 8 /|
2 & - ¢ o
Console  Terminal Background Jobs — (| g™ TN
‘R R440 - ~/ (= 8 —
> N1sT(age_overous=agi_UBF, main = Age z ou , . - ~
- xlab = "DBP", —l_'L
- col = "Tightblue™) o |_| o
> \ I I I 1
> hist(age_less603=Z#Zf_DBP,
+ main = "Age < 60", 40 60 80 120 60 100 140
- xlab = "DBP",
+ col = "Tightgreen") DBP DBP
>
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Files Running Clusters
Select items to perform actions on them. Upload | Neww &
[]0 ~ B/ motiel/ ecqg/ data Name Last Modified File size ¥
. HExH
O[3 wh 025.csv
O O yi pz
[ wh 5. csv
[ [ sar csv
] [3sar h.csv

—
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7 Python 7|%2t2] I21I0IE1 24

eca=pd. read_csv( ' l
plt.plot(ecal'|1'])

[<matplot|ib.lines.Line2D at Ox7f00f2caf130>]
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7 Python 7[2te| 4|0]&] 4

filenames = df['filter100'].tolist()

data_list=[]
for filename in filenames :

data = pd.read_csv(f'/home/Denent ia_final/raw_Nh/data/filteredi 00_ecg/{filename}")

data = datal['I|", 'I|
data_l ist.append(data.values)

len(data_list)

10186
A, T olye ghs Adts
2842z 2 Vs

o L TR T | R L R R R |

from tocnm import todm
import pandas as pd

ECG_FOLDER = ' /home/mot iefecafdata/filtered_sangled_re_1 00hz/

# fo8 GOVEd S S S

Of b LT

# OG5 FOLDER = 'shomesmotiesecasdatas il terad_sampled_ras’ £ FCS CSVEQ S SiE B

all_results = []

# arfFile '] ZES I BILS N Lol 2
for file_name in tadn(total clear['file'], desc="Q ECG Ot
csv_path = os.path. join(ECG_FOLDER, file_name)

£ Ore =i & o (FFFI)

if not os.path.existsicsy_path):
print(f" A DI 2= {csv_path}")
cont i nue

# HE £
probs = predict_from_csvicsv_path)

E =T

df _temp = pd.DataFranel [prebs], columns=label _texts)
df _temp, insert (0, "file", file_name)

all_results, append(df_tenp)

# o= Fo B
df_result = pd.concatiall_results, ignore_index=True)

Q ECG OIY £= &
46.86f 1 1e/s]

=
e

=
==

L unit="file"):

100 | N | C110/6170 [02: 1000:00,
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Machine learning-based 2-year risk prediction tool in
immunogilobulin A nephropathy

Yujeong Kim™’, Jong Hyun Jhee™*, Chan Min Park’, Donghwan Oh’, Beom Jin Lim’, Hoon Young Chof™*,
Dukyong Yoon"*', Hyeong Cheon Pari*"

“Department of Biomedical Systems Informatics Yonsei University College of Medicine, Seoul, Republic of Korea
*Division of Nephrology, Department of Internal Medicine, Gangnam Severance Hospital, Yonsei University College of Medicine, Seoul,

Republic of Korea

“Department of Rathology, Yonsei University College of Medicine, Seoul, Republic of Korea
s Research, i . Seoul Republic of Korea
Center for Yo P Yongin,

Background: This study aimed to develop a machine leaming:based 2-year risk prediction mode! for early identification of patients
with rapid progressive immunoglobulin A nephropathy (IEAN). We also assessed the model's performance to predict the longterm

kidney-related outcome of patients.

Methods: A retrospective cohort of 1,301 patients with biopsy proven gAN from two tertiary hospitals was used to derive and exter

nally validate a randor model fitration rate:
tage kidney of proteinuria)

within 2 years after Kidney biopsy.

Results: For the 2:year prediction of primary outcomes, precision, recall, area-under-the-curve, precision-recallcurve, F1, and Brier
008 Wars =" A== Aa AARA A AAN —od MANN mmm s - m o biom k- A R A Y AN
0694,0903, o, erat soumal of ewroinflammation (20262153 Journal of Neuroinflammation

£roups by prec
ratio [HR], 13:
risks compare

v . ; ®
Integration of National Health Insurance
claims data and animal models reveals
fexofenadine as a promising repurposed drug
for Parkinson’s disease

Jae-Bong Kim'#**, Yujeong Kim*', S00-Jeong Kim?, Tae-Young Ha'%’, Dong-Kyu Kim?, Dong Won Kim®,
Minyoung So°, Seung Ho Kim?, Hyun Goo Woo™, Dukyong Yoon*" and Sang Myun Park'#*

7 N S e
HaA 2210 T2 s 2, O™ HaAo| Clst
7} 2Lt 2}0] L=H|L! 7t 2Mo| Hastual

Keywords: Chi

Abstract
Background Parkinson's disease (PD) is a common and costly progressive neurodegenerative disease of unclear
etiology. A disease-modifying approach that can directly stop or slow its progression remains a major unmet need
in the treatment of PD. A clinical pharmacology-based drug egy is a useful approach for identifying
new drugs for PD.
Methods We analyzed claims data obtained from the National Health Insurance Service (NHIS), which covers a signif-
icant portion of the South Korean population, to investigate the association between antihistamines, a class of drugs
commonly used to treat allergic symptoms by blocking H1 receptor, and PD in a real-world setting. Additionally,

this model using | models of PD such as th (6-OHDA), a-synuclein
preformed fibrils (PFF) injection, and Caenorhabiiis elegans (C. elegans) models. Finally, whole transcriptome data
and Ingenuity Pathway Analysis (IPA) were used to elucidate drug mechanism pathways.
Results We identified fexofenadine as the most promising National Health laims d:
in the real world. In several animal models, including the 6-OHDA, PFF injection, and C. elegans models, fexofenadine
ameliorated PD-related pathologies. RNA-seq analysis and the subsequent experiments suggested that fexofenadine
s effective in PD via inhibition of peripheral immune cell infiltzation into the brain.
Conclusion Fexofenadine shows promise for the treatment of PD, identified through clinical data and validated
in diverse animal models. This combined clinical and preclinical approach offers valuable insights for developing
novel PD therapeutics.
Keywords Parkinson's disease, a-Synuclein, Drug Antihistamine,
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N\

A — _l 2. 5 —_
(P . . ® Hr =G 17, A= 17 =8 174
" \DY DA‘I’A is a standard way of mapping the
. = L =
meaning of a dataset e Gt o= ot YETH (Male/HTN X)
i %
to Its structure. 9 M e ol p 2
—HADLEY WICKHAM !
I ‘td d 't eackwlylxmble dAl 8] c[ D€l F ] 6 [ W [1]a [k[tIM][ N]JO] P
g 1
n I y a a' 2 lake site May 25 2012 29-May Iake site Jun 12 2012 12-Jun
. |d name Bugl |bug2 avr SEM plot |buglbug avr  SEM
e each variable forms a column color 3 2
) | floof gray Xec\r\r 4ahn [+ Is 2 Im 26 os1 |1 I e Jes Jsx 1 304 1547126
« each observation forms a row 2 max black Mot s B Be o2 g s 151 o2 %2
/ observation 83 11 |1 3 4 |control0 11 [0 |11 |control06 06
h ” . . | 2 Ca+ OY'CIY\qe 7 & 11 1 ") 1 0 |6 6
e €acCn cell IS a single measurement 4 donut gray g : I: o ; 3 3 ;o :3
1 1 .
5  merlin black 107 [2 o o |o b lo_|o
. 11 8 |12 2] 0 0 0 !
6 panda calico 129 2 lo lo 0 o lo Jo
13 10im2 0 0 0 0 |C |0
. ) o ) ) 14 11 |contral0 0 0 0o _|o |o
Wickham, H. (2014). Tidy Data. Journal of Statistical Software 59 (10). DOI: 10.18637/jss.v059.i10 15 12 |contral0 0 0 o lo lo
16 13 [contral® 0 0 13 |controlO0 [0 |O
17 13 |contralo 0 0 14 |controlO0 [0 |O
18 15 |controfl 0 1 15 |contro|3 |0 |3
:%iii https://southampton-rsg.github.io/spreadsheets-data-organisation-and-management/aio/index.html
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| main question
v' Primary (or secondary) outcome &2

v Inclusion/exclusion criteria
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